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—Future Developments and Applications
For Appearance-based Face Recognition Technology—

FN FEHE
MORISAWA Yukihiro

With the improved ability of computers to handle complex calculations, applications
and digital equipment that come with face-recognition functions have become widespread,
as have entertainment services and content using face—recognition technology.

At present, with the release of face-recognition API (Application Programming
Interfaces) that can be included in smartphones, digital cameras, and tablet devices,
environmental conditions needed for the development of Web applications have also
progressed.

In this paper, we summarize important face-recognition technology that use an
Appearance-based Approach to generate facial feature quantities from an Active
Appearance Model (AAM) applied to a sampling of facial features quantities, and we
outline services that use face-recognition technology and actual cases of various products
and related problem areas in need of further study.

In addition, we discuss next—generation communication support systems with emotion—
recognition functions that will become possible with the extension of face-recognition

technology.
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